Noise2Void - Learning Denoising from Single Noisy Images
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Figure 3: Blind-spot masking scheme used during
NOISE2VOID training. (a) A noisy training image. (b) A
magnified image patch from (a). During N2V training, a
randomly selected pixel is chosen (blue rectangle) and its
intensity copied over to create a blind-spot (red and striped
square). This modified image is then used as input image
during training. (c¢) The target patch corresponding to (b).
We use the original input with unmodified values also as
target. The loss is only calculated for the blind-spot pixels
we masked in (b).
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